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1. INTRODUCTION

Duality results in calculus of variations arise in various fields of engineering
science such as mechanics, physics, filtering and optimal control theory. It allows
us to associate a dual problem with variational problem and to study the rela-
tionship between the two problems. In mechanics, duality allows us to describe
precisely the relationship between different energy principles which govern certain
nonlinear problems. The primal and the dual problems are two well known forms
of the conservation principles characterizing the displacements and the constraints,
respectively.
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The notion of symmetric duality received several impulse after poineering work
of Dorn [7]. Mond and Hanson [15] applied the concept of symmetric duality
to variational problems. Kim and Lee [14] formulated a pair of multiobjective
nonlinear generalized symmetric dual variational problems involving vector-valued
functions which unify the Wolfe and Mond-Weir models and established weak,
strong, and converse duality theorems by using the concept of efficiency. Ahmad [1]
extended the concept of symmetric duality for multiobjective fractional problems
to the class of multiobjective variational problems. When approximations are used,
second order duality provides tighter bounds as compared to the first. Motivated
with this idea, Husain et al. [12] introduced the concept of second order invexity
and generalized invexity to formulate a Mond-Weir type second order dual to a
variational problem. Later on, Gulati and Mehndiratta [10] modified the problems
given in Husain et al. [12] and obtained necessary optimality conditions and duality
relations.

Fractional programming method has received particular attention in the last
three decades due to its frequent appearance in diverse fields such as blending
problems, minimum risk problems in stochastic programming, macro-economic
planning, information theory, mathematical taxonomy etc. Economic applica-
tions include maximization of productivity, maximization of return on investment,
maximization of return/risk, minimization of cost/time, which often leads to op-
timization problems whose objective function is a ratio. Gupta and Kailey [9]
formulated a pair of second order multiobjective symmetric duality results under
K-n-bonvexity assumption. For detailed study on fractional programming, readers
are advised to see [18, 19, 20].

Chen [6] considered symmetric dual problem for a class of multiobjective frac-
tional variational problems and duality results are proved through a parametric
approach under partial invexity. Ahmad et al. [2] formulated a pair of sym-
metric fractional variational programming problems over cones and established
weak, strong, converse and self duality theorems under pseudoinvexity assump-
tions. Kailey and Gupta [13] studied symmetric nondifferentiable multiobjec-
tive fractional variational problems and derived duality results under generalized
(F, a, p, d)-convexity assumptions.

In the present paper, we consider fractional symmetric variational programs
over cone constraints and establish weak, strong, and converse duality theorems
under second order F-convexity assumptions. The construction of the paper is as
follows. In Section 2, we recall some basic definitions and results needed in the
sequel of the paper. In Section 3, we formulate a pair of second order fractional
symmetric variational programs over cone constraints and derive appropriate du-
ality theorems in Section 4. Moreover, we discuss self duality and static symmetric
duality in Section 5 and Section 6, respectively. Finally, we conclude our paper in
Section 7.
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2. NOTATIONS and PRELIMINARIES

The following convention for vector inequalities will be used. If a, b € R™, then
aZb=a;2b;, i=1,...,n;
a>b=a2band a#b;
a>b=a;>b, i=1,...,n.

Let I = [a,b] be a real interval and X denote the space of n-dimensional piecewise
smooth functions z : I — R" with norm

1=l 2 lloo + | D loo,

where the differentiation operator D is given by

t
u:Da:@x(t):a—i—/ u(s) ds,
0

d
where « is a given boundary value. Therefore, — = D except at discontinuities.

Also, suppose that U(t, z(t),&(t)) : I x X x X +— R is continuously differentiable
function where @(t) represents the derivative of z(t). From now onwards, we write
x and & in place of z(t) and @(t), respectively. Let ¥, and ¥; denote the gradient
vectors of U with respect to z and z, respectively,

ie.,
ov ov
dxt oit
v, = : , Uy = :
ov ov
dam dim

In the same way, ¥, denotes the Hessian matrix of ¥ with respect to x, which is
a symmetric n X n matrix.

We shall use the following definitions in proving the fundamental results.

Definition 1. A subset C of R™ is called cone, if for eachx € C and A € R, A = 0,

we have Ax € C'. Moreover, if C is convex, then it is a convex cone.

Definition 2. The polar cone C* of a cone C is defined by
C*={z:272 <0 for allx € C}.

Definition 3. A functional F: I x X x X x X x X x R" — R is sublinear, with
respect to its sixth argument, if for oll z,z,u,u € X,
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(i) F(t,z,&,u,t;01+02) < F(t,x, &, u,u;01)+F(t, z, &,u,0;02), for any by, 02 €
Rn

(i) F(t,z, &, u,0;a0) = aF(t,x,&,u,u;0), for any a 2 0 and 6 € R™.

From (ii), it is clear that F(t,z,&,u,1;0) = 0. For notational convenience, we
write F(t,x, &, u,0;0) = F(t, z,u;0).

Now, we introduce the definition of second order F-convex function.

Definition 4. The functional fab U(t,z,d)dt is said to be second order F-convex
at u if

b

/b\II(t,x,j:)dt—/b\I/(t,u,u) dt+%/ ()T Mq(t) dt

a

b
> / Fty s Wt u, ) — DUt u, @) + Ma(t)) di

forallz € X, q(t) € R", t € I and for some arbitrary sublinear functional F.
Here it is to be noted that M = W, (t,u, ) — 2DW 4 (¢, u,w) + D*W 4z (t, u, ) —
D3Ws(t,u, 1) and T denotes the transpose of a matriz.

Remark 5. (i) If F(t,z,u;a) = n(t,z,u)Ta, then the above definition reduce
to second order invex with respect to n given in Husain et al. [12].

(ii) In addition to (i) above, if M(t,z,&) = 0, then we obtain the definition of
invexity discussed in Mond et al. [16].

Now, we give an example to show the existence of second-order F-convex which
is neither second-order invex nor invex with respect to the same 7.

Example 6. Let I = [0,1] and X be the space of piecewise smooth function
x: I~ 1[0,1]. Consider the functional ¥ : I x X x X — R, defined by
U(t,x, i) = x(t) + 22(t) — 23(t) — cos(x(t)) + arctan(z(t)).
Suppose F: I x X x X x X x X x R— R is given by
F(t,x,&,u,u;a) = a(u(t) — x(t)).
Then the functional fol U(t,x,&)dt is second-order F-conver at u(t) = 0,
for all x(t) € X, q(t) € R.
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Explanation:
1 1 1 /!
/\I’(t,x,x’)dt—/ \I/(t,u,u)dt+§/ o0 Mq(t) dt
0 0 0

1
= / {x(t) + 2%(t) — 23(t) — cos(z(t)) + arctan(z(t)) + 1 + gq2(t)} dt
0
and
1
/ F(t,x,u; Uy (t,u, @) — DU (¢, u, @) + Mq(t)) dt
0
1
= / F(t,z,u;2+ 3q(t)) dt
0
1
= —/ (24 3q(t))z(t) dt
0
Therefore, we have
1 1 1 !
/ W(t,x,&)dt — / W(t, u, i) dt + 5 / q(t)" Mq(t) dt
0 0 0
1
- / Ft,z,u; Ve (t,u, i) — DY (¢, u, ) + Mq(t)) dt
0
1
= / [2(t) + 2 (t) — 23(t) — cos(x(t)) + arctan z(t) + 1
0
3
+ 5q?(t) + (24 3q(t)z(t)]dt = 0, Va(t) € X, q(t) € R.
Consequently, we conclude that fol U(t,x,z)dt is second-order F-convex at u(t) =
0.
But, if we define n(t, z,u) = 2(x(t) — u(t)), then
1 1
[ o)Wl i)~ DVt ) + Ma(®)de = [ 20(0)(2 -+ 3q(0) at.
0 0
Moreover,
1 1
/ U(t, 2,3 dt — / W(t,u, ) dt
0 0

1
= /0 {x(t) + 2%(t) — 23(t) — cos(z(t)) + arctan(z(t)) + 1} dt
and

/1 n(t, z,u) (Ve (t,u, @) — DU (t u,0)) dt = /1 4x(t) dt.
0 0

From the above results, it follows that fol U(t,x,2)dt is neither second-order invex
nor invex with respect to the same n, for all z(t) € X, q(t) € R.
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Let C7 and C5 be closed convex cones with nonempty interiors in R™ and R™,
respectively.

3. SECOND ORDER VARIATIONAL FRACTIONAL SYMMETRIC
DUALITY

In this section, we introduce the following second order variational fractional
symmetric dual programs over cone constraints.

Primal Problem:

L@ a0y, 9) — sp()T Ap(t) dt
[ (g(t 2, d,y.9) — 1p(t)T Bp(t)) dt

(PP) Minimize

subject to

b
(/ (g(t, 2, 2,y,9) — %p(t)TBp(t)) dt) (fy = Dfy + Ap(t))
b
- </ (ft,z,2,y,9) — %p(t)TAp(t)) dt) (9y — Dgy + Bp(t)) € C3, t € 1,
2

b 1

20, tel,

b

- </ (ft,z,2,y,9) — %p(t)TAp(t)) dt) (9y — Dgy + Bp(t))
z € (.

Dual Problem:

J2f (w0, 6) —
f:(g(t,u,u,v,iz) —

(DP) Maximize q(t)"Yq(t)) dt
q

()T Zq(t)) dt

N N
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subject to
u(a) =0=u(b), u(a)=0=1u(b),
v(a) =0=wv(b), v(a)=0=10(b),
[ ot i,0,5) — Sa()7 Za(0) dt) (2~ Dfs + Yalt)

b
</ [t u,t,v,0) = ;Q(t)TYq(t))dt> (92 — Dgs + Zq(t))| € CT, t e,

[( g(t,u, v, 0) — ;q(t)TZQ(t))dt> (fz = Dfs +Yq(t))

<0, tel,

</ St u,t,0,0) — ;p(t)TYp(t))dt> (92 — Dgi + Zq(t))

UECQ,

where
(i)f:IX01XClXCQX02—>]R+,andgll><01XClXCQXCQ_)RJ'_\{O},
(13) A(t,z, &,9,9) = fyy(t, 2, 2,y,9) — 2D fyy(t, z, 2,9, 7)

+ DQfQL)y(taxa"t»yvy) - Dsfy'i}(taxvx.vyvy.% te Iv
(t13) B(t,x, &,y,9) = gyy(t,, &,y,9) — 2Dgyy(t, z, &,y,7)

+ D?gyy(t, @, &, y,9) — D3gyy(t,x, &, y,9), t €1,
() Y(t,u, 4, v,0) = fee(t,u, t,0,0) — 2D foi(t, u, 4, v,0)

+ D2fi:b(t,u, ’[L,U,l.)) — Dgfjci(t,’l,t,’ll, v, ’U), te I,
(v) Z(t,u, 0, v,0) = gao(t,u, 4, v,0) — 2D gz (t, u, 0, v,0)

+ D?gz4(t, u, i, v,0) — D3gas (t,u, 0,v,0), t € 1,
(vi)p: I =-R™ ¢q: I —R",
It is convenient to parametrize the problems (PP) and (DP) in the sense of Dinkel-
bach [8] by choosing

= f;(f(tvxvjjvy7/y) - %p(t)TAp(t)) dt’

fab(g(ta T, T,y, y) - %p(t)TBp(t)) dt
_ LU, 8) — Tt Ya(t) dt
[P (gt w1, v,0) — Lq(t)T Zq(t)) dt

Therefore, the primal problem (PP) and the dual problem (DP) can be written as
follows:
Primal Problem:

(PP Minimize |
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subject to

xz(a) =0=x(b), d(a)=0=x(b),
y(a) =0=y(b), g(a)=0=75(b),

b
/ (F(t 2, 5) — Sp(t)T Ap(t)) dt

2
b 1

1 [ (altwp) = 5o Bp(®) de =0, 0
(fy = Dfy + Ap(t)) — l(gy — Dgy + Bp(t)) € C3, t € I, (2)
y'{(fy = Dfy + Ap(1)) = Ugy — Dgy + Bp(t))} 20, t €1, (3)

x e Cl.

Dual Problem:
(DP) Maximize m
subject to

u(a) =0=u(b), u(a)=0
v(a) =0=ov(b), o(a)=0=70(b),

b
[ tauiv0) = Sae/ Yo di

b
o m/ (9(t,u, i, v,0) — %Q(t)TZQ(t)) dt =0, (4)
—[(fo = Dfs +Yq(t)) — m(go — Dgs + Zq(t))] € C1, t € 1, (5)
u{(fo = Dfi + Yq(t)) —m(ge — Dga + Zq(t))} £0, t €1, (6)
v e (Cy.

Remark 7. If A=B =Y =Z =0, then the problems (PP) and (DP) reduce to
the problems (FP) and (FD) discussed in Ahmad et al. [2].

In the subsequent analysis, we consider F : [ x C; x C; x C; x C; x R" — R
and G : I x Uy x Cy x Cy x (3 x R™ — R are sublinear functionals.

4. DUALITY THEOREMS

In this section, we establish weak, strong, and converse duality theorems for
the problems, (PP’) and (DP’), which are equally applicable to (PP) and (DP),
respectively.

Theorem 8. (Weak duality). Let (z,y,l,p) and (u,v,m,q) be feasible solutions
to primal problem (PP ) and dual problem (DP'), respectively. Further, assume
that
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(a) f:(f(t, o 0,0) —mg(t, ., ., v,0)) dt is second order F-convex at u for fized v,

(b) —f;(f(t7:r,a'c, o) —lg(t,x, &, .,.)) dt is second order G-convex at y for fized
z,

(c) Ft,x,u;€) +uT€ 20, Vo,ue O, —€E€CF, tel, and
(d) G(t,v,y;¢) +y"¢ 20, Yo,y Cyy, —CeC5, tel
Then I = m.
Proof. From the assumption (¢) and constraint (5), we have
F(t, @, u; (fo = Dfs +Yq(t)) —m(g: — Dgi + Zq(t)))

+ UT{(fw = Dfi +Yq(t)) —m(g. — Dgs + Zq(t))} = 0,
which by the virtue of (6) becomes

F(t,z,u; (fe — Dfi +Yq(t)) — m(gz — Dgs + Zq(t))) 2 0.

Since f; f(t, ., v,0) —mg(t,.,.,v,0)dt is second order F-convex at u for fixed v,
we have

b
/ (f(t,z, &,v,0) — f(t,u,0,0v,0) + %q(t)TYq(t)
gtz i v, 0) — glt w1, v, ) + %q(t)TZq(t))) dt > 0.

The above inequality by virtue of relation (4) yields

b
[ ftadv6) = mo(t.a,0,0) de 2 0 @
From the assumption (d) and constraint (2), we have
G(t,v,y; ={(fy — Dfy + Ap(t)) = l(gy — Dgy + Bp(t))})

—y"{(fy = Dfy+ Ap(t) — (g, — Dgy + Bp(t)} 2 0,
which by the virtue of (3) becomes

G(t,v,y; —{(fy — Dfy + Ap(t)) — l(gy — Dgy + Bp(t))}) 2 0,

Since — f: ft,z, &, .,.)—lg(t,z, &, .,.)dt is second order G-convex at y for fixed z,
we have

b
/ (f(tvxa:ta y,y) - f(t,l’,i’,’[),’l.)) + %p(t)TAp(t)

1
—Ug(t,z,,y,9) —g(t,z,&,v,0)+ §p(t)TBp(t))) dt 2 0.
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The above inequality by virtue of relation (1) yields

b
/ (Ug(t,z,@,0,5) — f(t, 2,8, 0,5))dt = 0. (8)

On adding (7) and (8), we get

b
/ (I —m)g(t,x,d,v,0)dt = 0,

which implies
l=Zm.

This completes the proof. [

Theorem 9. (Strong Duality). Let us assume that
(i) (z,9,1,p(t)) be an optimal solution of (PP'),
(ii) the matrices A — B be nonsingular,

(iii) fy =19y — D(f; —lgy) + (A —IB)p(t) # 0, and

(iv) the matrix

((Aﬁ(t))y —U(Bp(t))y — D(Ap(t)) +ID(Bp(t)); + D*(Ap(t)); — ID*(Bp(t))y

—D*(Ap(t)) 5 +ID*(Bp(t))y + D*(Ap(t)) v — l_D4(B;5(t))“y")
be positive or negative definite.

Then (Z,9,1,p(t) = 0) is a solution of (DP'). If, in addition, the conditions of
Theorem 8 are satisfied, then (Z,q,l, p(t) = 0) is an optimal solution of (DP’).

Proof. Since (Z,%,1,p(t)) is an optimal solution of (PP’), there exist o € R, 3 €
R, v € (5, and £ € R such that the following Fritz John conditions are satisfied

at (z,7,1,p(t)):

(P(6)" Bp(t)):+ 5 D(p(t)" Ap(1)):

N =~

[~ T2~ DU ~1gi) — 5 (B(0)” Ap(0)) +

+5 D GO Bp®) 5 ) + (v = &) (fur — Lgye = Dy — lgyi)

—D(fyz — l9ge) + D*(fya — lgga) — D> (fyz — Pgyz) + (AP(t)) s
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~I(Bp(t)). — D((AB(1))s — UBH®):) + DX(Ap(®): — I(BB(t)):)
—D(Ap(t))+ — UBR())w) + D (Ap(H) 5 — UBP (1)) |

(I—f)go, VeeCy, tel,

8(fy~Toy— D5 ~lg3) ~ 3 (BT A)y + 5 (P(1)7 B)y + 5 D(0) Ap(D)g

D" (1)BA(1)); — 5 DB AB(1)); + LD (B0 BR(D);

DN | =~

45 DB Ap(t))5 — 5D Bp) 5 — 5 D p(e) Aple))

£ L DB BR(L)5) + (o — &) (A~ 1B + (4p(0), ~ 1(BA1),

—D(Ap(t))y + ID(Bp(t))g + D*(Ap(t))y + ID(Bp(t))y — D*(Ap(t))y

HID(Bp(1)) 7 + D*(Ap(t)) 5~ ID(BH() 5" ) = £(fy — gy

—D(fy —lgy) — Ap(t) + IBp(t)) =0, t € I,

l
afmgf§?@BMU%H7*@Mﬂ@+D%*Bﬂﬂ%:&tEL
—B(Ap(t) — IBp(t)) + (v — €9)(A = IB) = 0, t € I,
V(fy —lgy — D(fy — lgy) + Ap(t) — IBp(t)) = 0, t € I,
fﬂ(fy - Zgy - D(fy - igy) + Ap(t) - in<t)) =0, tel,
(a’ﬁ’77§)#0’t617
(a7ﬁ373£) z 0’ t G I'
Since A — [B is nonsingular, from (12) we get
v — &y = Bp(t).
On rearranging (10), we obtain

(B =) (fy —lgy — D(f5 —lgy)) + (A —IB)(v — &5 — £p(t))

+((4p(1)), — UBR(1)), — D(AP(1)); +ID(Bp(1));
+D?(Ap(t)); — ID*(Bp(t))y — D*(Ap(t))

HID(Bp(t))5 + D*(Ap(1) 5 — ID*(Bp())- ")

(v —¢&5— %Bﬁ(t)) =0.

49
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The above equation in view of (17) can be written as

(B=&)(fy—lgy—D(fy fl‘gg)+(Afl_B)ﬁ(t))+%(vf£y(t)>(<z4ﬁ(t)>y —U(Bp(t))y

—D(Ap(t)); +ID(Bp(t)); + D*(Ap(t)); — 1D*(Bp(t)); — D*(Ap(t))

HD*(Bp(t)) 5 + DY (Ap(1)) 4 — ID*(Bp(t))5°) = 0. (18)
Multiplying (18) by v — &7 and using (13) and (14), the above relation yields
1

5 (7= €00) ((Ap(1), — 1(BR(1)), — D(AB(); +ID(B(),
+D*(Ap(t))y — ID*(BR(1)); — D*(Ap(t)) + LD (Bp(t))
+D*(Ap(0)) 5 — 1D (Ba(t)) ) = 0,

which by hypothesis (iv) gives

v =&y (19)
On using (19) in (18), we get

(B —&)(fy —lgy — D(fy — lgz) + (A= IB)p(t)) = 0, (20)
which by hypothesis (iii) gives

B=¢. (21)

Now, if we take £ = 0, then from (21), 8 = 0 and from (19), we conclude that
v = 0. Also, by (11), we get @ = 0. Hence, («,3,7,£) # 0 contradicting (15).
Thus, £ > 0 and consequently 8 > 0. Since £ > 0, t € I, from (19), we have

37 == % € 02.
Using (19) and (21) in (9), we obtain
ﬁ(fx_Zgz_D(fi_Zgi))(x_j)207 tel. (22)

Let z = C;. Then x4 T € C;. On substituting z + Z in place of z in (22), we have
e (fo —lgo — D(fi — lgs))(x — 7) 2 0,
which by definition of polar cone yields
~(fo = lge — D(fi — lgz))(x — ) € CF .
Again, letting z = 0 and = = 2z simultaneously in relation (22), we have
Z(fo —lge — D(fi —lgs))(z — %) =0, t € L.

From what has been done, it follows that (Z,7, I,p(t) = 0) is a feasible solution
to (DP’). The optimality for (DP’) follows from weak duality theorem (Theorem
8). O
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A converse duality theorem may be stated as its proof would be analogous to
Theorem 9.

Theorem 10. (Converse Duality). Let us assume that
(i) (@,v,m,q(t)) be an optimal solution of (DP'),
(it) the matrices Y —mZ be nonsingular,

(iii) fu— mge — D(fs — mgs) + (¥ — mZ)q(t) £ 0, and

(iv) the matrix
((Va).—m(Za(t))a—D(Ba(t) a+mD(Zq(t) )+ D (Y a(t))s—mD*(Za(t)):

—D3(Yg(t))s + mD*(Za(t))s + D(Ya(t) - — mD*(Zq(t))-s )
be positive or negative definite.

Then (@,v,m,q(t) = 0) is a solution of (PP’). If, in addition, the conditions of
Theorem 8 are satisfied, then (u,v,m,q(t) = 0) is an optimal solution of (PP’).

5. SELF DUALITY

A mathematical programming problem is said to be self dual if the dual can be
recast in the form of primal. The programs (PP’) and (DP’) turns to be a self-dual,
if we take C' = Cy = C5 and impose additional restrictions of skew symmetry on
f and symmetry on g, that is,

f(t7x7l.‘7y7 y) = _f(t’ y)y?x’j:)7 g(tﬁxﬁ'i‘)y?y.) = g(t7y’y.7x7i')'

As a consequence of skew symmetry and symmetry imposed on f and g, respec-
tively, we have

otz 2,y,9) = —fy(ty, 9,2, %), go(t,2,2,9,9) = gy(t,y, 9, 2, %),

Lyt x, 2,y 9) = —fo(ty, 9,2, %), gy(t,2,2,9,9) = g2(t, y, 9, ¢, &),

fI(t Z‘ J? y y) fy(t yvyaxaj")v gw(t7xaxay7y) :gy(t’yayvxw’t)a

fy(t CL' 37 y y) fI(t yag7xajj)7 gy(tﬂ%ﬁlﬂyy,y) :g:'c<t7yvy7m7j7)7
and so on.

Now, we will show that (PP’) and (DP’) are self duals. By recasting the dual
problem (DP’) as a minimization problem, we have
Dual Problem:

(DP") Minimize —m
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subject to

b
[ (G0 - Sa"Va(o)de
b
[ gt 0,8) — Sa(0 Zg(e) d

= [(fa(t, u i, 0,0) = D fi(t, u, 1, 0,0) + Yq(1))
- m(gw(t,u,u,vﬂ')) - Dgi(t,u,ﬂ,v,i)) + ZQ(t))] € 0*7 te I7

=0,

u {(fa(t,u, i, 0,0) = Dfe(t,u,4,0,0) + Y (t,u,,0,0)q(t)
- m(gw(t,u,ﬂ,v,i}) - Dgi(tauaaav7i}) + ZQ(t))} § O’ te I)

veCl.
On using the skew symmetry and symmetry of f and g, respectively, the above

problem is transformed to
Dual Problem:
(DP") Minimize 2
subject to

[(fy(t,v, 0, u, ) — Dfy(t,v,0,u,a) + A'g(t))

7Z(gy(t7 v, ’07 u, u) - Dgy(t7 v, v

W {(fy (b0, 0,0,0) = Dfy(t,0,0,0,0) + A'q(t))
—2(gy (t, v, 0, u, @) — Dgy(t,v,0,u,1) + B'q(t))} >0 tel,

i)+ Bat)| €€, tel,

v e C,
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where

(i) A = foy(t,0,0,u,1) — 2D fy5(t, v, ,u, )
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+ D2fyy(t, v, 0, U, U) — Dnyy‘(t, v, 'l.}, u, ﬂ), t e I,

’

(i) B = gyy(t,v,0,u,%) — 2Dgy;(t,v,0,u,0)

+ D?gyy(t, v, 0,u, 1) — DPgyy(t, v, 0, u, ), t € 1,

LRt v, 0,0, 0) — L) T A q(t)) dt

(iti) z = fab(g(t,v,@y%?.L) _ %q(t)TB'q(f))dt-

This shows that the dual problem (DP’) is identical to (PP’). Hence, feasibility of

(u,v,m,q) to (DP’) implies the feasibility of (v,u, m,q) to (PP’).

Remark 11. It is easy to see that Y and Z transform to A and B', if we assume

the functions f and g to be skew symmetric and symmetric, respectively.

We now state the following self-duality theorem.

Theorem 12. (Self duality). Let f(t,x,&,y,y) be skew symmetric, g(t,z, &, y,y

~—

symmetric and C = Cy = Cy. Then (DP’) is self dual. If (PP’) and (DP’) are
dual problems and (z, gy, m,p(t)) is a joint optimal solution, then so is (y, z, m, p(t))

and the common optimal value of the objective function is 0.

6. STATIC SYMMETRIC DUAL PROGRAM

If we drop the time dependency from (PP) and (DP), we get the following

second order fractional dual symmetric programs over cones:
Primal Problem:

f(z,y) — 50" Vyy f(z,y)p

(SPP) Minimize
9(@,y) = 50" Vyyg(, y)p

subject to

(9(z,y) — %pTVyyg(x, Y)p)(Vyf(z,y) + Vyy f(2,9)p)

= (f(z,y) - %pTVyyf (z,9)p)(Vyg(z,y) + Vyyg(z,y)p) € C3,
v (9 9) ~ 55"V 09 )V ,9) + V(@ )p)

~ (f(.9) — 38" Vo f 0N (Vo9(,0) + Vs, 0)p)] 20,

z e Cy.
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Dual Problem:

f(’U,7 U) - %quzzf(uv v)q

(SDP) Maximize
g(uv U) - %quzzg(’uw U)q

subject to

~[(901,0) = 34" Vaw 4,0)) (Vo (1) + T (1, 0)0)

— (J(0,0) = 50"V f (0, 0))(Vag 0, 0) + Vs (u,0)0)] € €

" [(glo0,0) = 50" Varag(u,0)) (Vi f(0,0) + Vo (1, 0)0)

— (F0) — 50" Ve f (1, 0)0) (Vg o 0) + Veagla0)a)] £0,
v e (Cy.

The equivalent form of the above problem can be written as
Primal Problem:

(SPP') Minimize r

subject to
1 T 1 T
fz,y) — 5P Vyyf(z,y)p —r(g(x,y) — 3P Vyyg(x,y)p) =0,

(Vyf(@,y) + Vyy f(z,y)p) — 7(Vyg(z,y) + Vyyg(z, y)p) € C3,
y" (VoS @ 9) + Vo F(@,9)p) = (Vo9 9) + V(e y)p)| 20,
z € (.
Dual Problem:
(SDP') Maximize s

subject to

Fl,0) = 507 Ve f(0,0)a — s(g(,0) — 34" Vaeg(u,v)a) =0,

—[(Vaf(u,v) + Vg f(u,0)q) — s(Vag(u,v) + Varg(u,v)q)] € CF,
ul | (Vo f (u,v) + Vo f(u,0)q) — 5(Veg(u,v) + Vmg(u,v)q)} <0,
Ve CQ,

where -
f(x,y) = 50" Vi, f(z,y)p

9(z,y) — 307 Vyyg(z,y)p

r= ,
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f(u, U) - %quxxf(uv U)q
9(u,v) = 347 Varg(u,v)g

The following theorems may be proved along the lines of Theorem 3.1, Theorem
3.2, Theorem 3.3 given in Gulati et al. [11].

Theorem 13. (Weak duality). Let (z,y,l,p) and (u,v,m,q) be feasible solutions
to primal (SPP) and dual (SDP), respectively. Further, assume that

(a) f(.,v)—sg(.,v) is second order F-pseudoconvex in first variable at u for fixed
v

)

(b) —f(x,.) + rg(x,.) is second order G-pseudoconvex in the second variable at
y for fized x,

(¢) Foul)+&Tuz=0,V —€€Cf, and
@) Goy()+¢Ty20,V —(C€C5.

Then | Z m.

Theorem 14. (Strong duality). Let f and g be thrice continuously differentiable
functions and let (z,y,7,p) be an optimal solution of (SPP ). Assume that

(i) Vyy f(Z,9)—TVyyg(Z,7) is positive definite andﬁT(Vyf(f, 9)—7Vy9(Z,7)) 2
0, or
Vyy [(Z,9)—TV yyg(Z, ) is negative definite and jﬁT(Vyf(aE7 y)—7Vy9(z,7)) <
0, and

(ii) Vyf(i, y) + vyyf(ffy y)p — F(Vyg(f, y) + Vyyg(a_:, y)p) # 0.

Then (Z,9,7,q = 0) is a feasible solution for (SDP/) and the objective values of
(SPPI) and (SDP') are equal. Furthermore, if the hypotheses of Theorem 18 are
satisfied for all feasible solutions of (SPP/) and (SDP/), then (z,y,7,q = 0) is an
optimal solution of (SDP").

Theorem 15. (Converse duality). Let f and g be thrice continuously differen-
tiable functions and let (@,v,35,q) be an optimal solution of (SDP'). Assume that

(i) Vpuf (U, 0)—5V 12g(t, 0) is positive definite and §* (V. f (6, 9)—5Vg(u,v)) =
0, or
Vo f (1, 0) =38V 42 g(1, ) is negative definite and & (V. f (4, 0)—5V »g(4,0)) <
0, and

(i) Vaf(U,0) + Vau f (@, 0)7 = 5(Vag(@, 0) + Vaag(, 0)q) # 0.

Then (4,7,5,p = 0) is a feasible solution for (SPP/) and the objective values of
(SPP') and (SDP') are equal. Furthermore, if the hypotheses of Theorem 13 are
satisfied for all feasible solutions of (SPP") and (SDP'), then (u,,5,p = 0) is an
optimal solution of (SPP").
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Special cases of the static problem

(i) If we take C1 = R}, Cy = R, we obtain the symmetric dual programs

(FP) and (FD) given in Gulati et al. [11]

(it) If we set p =0 and ¢ = 0, we get the programs considered in Chandra et al.

4, 5].

(#4i) If g = 1 for all z, y, then the problems (FP) and (FD) reduce to the problems

studied in Bector and Chandra [3]. Also, if p =0 and ¢ = 0, then we obtain
the programs considered in Mond and Weir [17].

7. CONCLUSIONS

In this paper, we have introduced the concept of second order F-convexity and

discussed a pair of second order variational fractional symmetric dual programs
over cone constraints. Weak, strong and converse duality theorems are established
under second order F-convexity assumptions. The present work can be further
extended to second order nondifferentiable variational fractional symmetric dual
problems over cone constraints. It will be more interesting if we consider the higher
order analogues of these problems. These may be taken as the future tasks of the
authors.
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