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Abstract: Startups have become a buzzword in the last couple of years, and
entrepreneurship became career path for a number of people in the world. With all the
advances in education and government subsidizing all over the world, still, statistics shows
only a small percentage of successful startups. Studies have shown that the one the leading
reasons for startup failure is the misreading of market’s needs. The aim of this paper is to
determine the approach to market research, knowledge of tools and methods, and
preferences towards online market research tools of entrepreneurs by using Discrete
Choice Analysis. The research gathered 187 valid responses from a panel of participants
working on developing new products and business, using an online survey tool. In the
paper it is shown that the most important attributes for entrepreneurs are the price of the
market research tool, followed by the level of details in the report generated, with more in-
depth analysis regarding segmentation, simulations, and Marginal Willingness to Pay in
the further chapters. The results of the research imply the need for a market research
business model optimized for those starting a new business, focused primarily on detailed
reporting and analysis, with the pricing model adjusted to the lack of resources
entrepreneurs face at the start of their ventures, which would help them better understand
the market-fit at the beginning and raise the statistic of successful startups.

Keywords: Discrete choice analysis, preference, entrepreneurs, market research,
innovation.

MSC: 62K10, 91B08, 91B10, 91B16.
1. INTRODUCTION

Global economy is changing, large companies have been laying off a large number of
people in the last two years (only the tech companies in the US have laid off more than
250.000 since 2022 [1]) and the people are in need of jobs. With the current job market
situation in the world, a lot of the people have turned to starting business of their own, and
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some of the startup accelerators have seen an increase in the number of applications per
sources [2]. In the last 30 years, a lot has been done in the education sector, improving the
teaching about entrepreneurship, especially in the business schools, preparing the students
both for working in the companies, as well as creating a separate courses for managing
entrepreneurial business and innovation [3], [4], [5], [6]. But still, the reports show that
only a very small number of startups survive and become successful [3].

Researchers have been working to find out why that statistic is so low, and a number
of reasons have come up, but one of the main ones for failure has been misinterpretation
and misreading of current market’s needs [7]. If that is not detected early in the work of a
startup, or if the team is not prepared to be agile and pivot quickly, it can create big financial
and motivational problems for the team and their future work, especially since the budget
for initial development is mostly consisted of team’s own finances [8].

Amjad et al. point out significant difference between the approach to creating the
product or service between traditional marketing of bigger organizations, and
entrepreneurial marketing of SMEs. Larger organizations have much more resources to
utilize so they can afford to do top-down approach, and start first with the formal market
research, followed by segmentation, choosing target markets and then positioning, while
SME first choose a target group, and then try to find out about their needs and demands,
mostly through personal relations [3]. In the preliminary phase of this research, through
interviews with entrepreneurs, startup founders and their mentors, similar was concluded
— they have the need for market research but lack the resources to conduct it in the proper
way. They noted that their usual ways were through interviews with smaller number of
representatives of the target group or conducting online surveys using free tools and their
own network to spread the questionnaire and try to get responses. One of the biggest
problems that they noted was finding the right incentive for somebody to be a part of their
research, especially on a tight budget. If they wanted to use platforms that offer panels of
respondents, they would have to pay between 300-12000€ per research, depending on the
sample, number of filters, accuracy, and other factors.

The importance of market-driven entrepreneurship is especially described in [9] where
the authors reviewed literature and pointed out that those entrepreneurs who are driven by
perceived gaps in the market and who provide unique offerings according to them are those
that create new values for the market, opposing those who start businesses solely as form
of making a living. Not only is that important for the long-term survival of the startup, but
also it has been proven that the investors highly regard the existence of high value addition
of the product/service to the customers when deciding on their investments. Block et al.
have researched the importance of several attributes for investors when considering
investments using Conjoint analysis, and the value-added has come up as the second most
important attribute to them [10].

Ali et al. in [9] also note two different point of views on the definition of entrepreneur
citing McMullen and Sheperd [11] “To be an entrepreneur... is to act on the possibility
that one has identified and opportunity worth pursuing” as well Schumpeter’s [12]
definition that states that the entrepreneur is an innovator, producing change that creates
new needs in consumers. In the paper, it is also noted that entrepreneurship can also be
expressed within organizations as well, not only in startups, which is the reason why this
research also encompasses the responses from various respondents working in larger
organizations, working directly on creating the products or in R&D departments.
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Lean Startup Method (LSM) has been highly praised due to its nature to segmentation
and iterative approach to business planning, especially with its focus on smaller iterations
with immediate testing [13]. De Cock et al., have researched its impact on successfulness
of the startups, with focus on the market knowledge of the startup founders. They’ve
concluded that using LSM is insufficient for the success of the new business, without
previous market knowledge. In the paper it is discussed that previous market knowledge
helps with better interpretation of the test results and market information, helping them to
create better problem-solution fit [14].

Today, with the rise of social media and strong digital tools for customer data, it feels
like the customer insights are right there on the edge of the fingertips, and that should make
it easier for entrepreneurs. But Cluley et al. discuss just how that might be misleading and
how to properly use the data available through those channels, researchers need to adapt
and learn more about the nature of the information technologies, as well as the researcher
and the business owner need to be working closer together in order to design the research
as best as possible. They cite reports claiming that being over-dependent on social media
for market insights might create a downturn for the business if the people assigned to it
lack technical skills and if the organization is not supporting it properly. They claim that
market researcher of the future needs to play both the role of social scientist, meaning that
they collect, analyze and report continuously, as well as the role of the storyteller (strategic
consultant) and work with the business owners, engaging them in the research process in
order to help them bring their consumers from findings to life [15]. Through the
preliminary process of this research, it was seen that entrepreneurs want to incorporate data
into their business and understand the importance of it, but do not have a strategic plan for
it.

As mentioned, misunderstanding of market’s needs and miscreating a product-market
fit is one of the most common cases of startup failure. This research tries to find out how
do entrepreneurs perceive market research, their level of knowledge, their main needs and
their desired price range for a platform that would help them out with market research,
with the goal of understanding their preferences when it comes to market research
opportunities. The main research questions are:

. How confident entrepreneurs are about their knowledge of market research?

. Which methods and tools do they use now and plan to use in the future?

. How much are they willing to pay for an online questionnaire that would be filled
out by their desired target?

. What are respondents’ preferences towards key characteristics of the platform for
online market research?

For those needs, a combination of interviews, simple questionnaire and a survey using
Discrete Choice Analysis (DCA) was chosen. DCA or otherwise called Choice-Based
Conjoint analysis, was chosen, as it is a method for measuring the unconscious preferences
towards certain attributes when choosing between similar products. Its power lies in putting
the respondents in the conflicted position where they must choose between several similar
alternatives, differing in the levels of the same attributes. After a number of those choice
tasks, their individual preferences can be determined. It gives a better understanding of
their preferences, than just questioning the importance of each attribute on a linear scale,
because their real preferences come up when they have to choose in those conflicted choice
tasks. DCA has been used in a different areas of research, such as medicine [16], travel
industry [17], online buyers decisions [18], agriculture [19] with more detailed numbers of
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its presence in the number of papers published for period of 1998-2017 on WoS given in
[20]. In [20] it was shown that business economics is the category where DCA is used the
most with around 39.5% of the published papers belonging to that category, followed by
engineering and health care. In the literature review phase, no papers dealing with the
similar problem of this research have been found, especially no ones using the DCA to find
the preferences of entrepreneurs on the subject of market research tools. This paper
explores that gap and expands the literature on the subject, with the goal of revealing true
preferences of entrepreneurs regarding the online market research tools, suggesting further
recommendations for improving development of startups with the aim of helping them
reach their market-fit, and raise the statistic of successful startups, which will positively
impact the economy.

As stated before, through literature review and interviews with the entrepreneurs it was
concluded that they need better market research but lack funding or expertise to conduct it
properly. In this paper their current knowledge about market research methodologies and
preferences towards online market research tools will be presented, as well as the
segmentation of the results. In the first chapter, research design will be explained with the
focus on the DCA method, and how the experiment was set up using it. Results will be
presented in the third chapter, describing sample characteristics, aggregated preferences,
marginal willingness to pay for certain features and differences between segments. Finally,
in the last section, discussion and conclusion with future research will be presented.

2. RESEARCH DESIGN
2.1. Discrete Choice Analysis

Discrete Choice Analysis is an analytical method for measuring the importance of
certain attributes and their levels of a given object (e.g., product or a service) on the
subjects of the research (respondents), grounded in random utility theory. Main
contribution of DCA is that it puts attributes and their levels in conflict position, so that it
can be precisely measured which attribute and which level is more preferred by the
respondents of the research [21].

In DCA experiments respondents are shown different alternatives of the object of
research, consisting of the same attributes, that can be qualitative or quantitative, but
differing in levels of those attributes. In any of the cases when they are presented with
those alternatives, respondents are expected to choose rationally between them, meaning
that they choose the one that maximizes total value for them. Main output of DCA, after
all respondents choose their preferred alternatives in a given number of simulations are
utility scores, that measure to which extent each attribute, and each level of those attributes
impact choices for each respondent. That gives the opportunity not only to analyze the
aggregated results, but also to do more in-depth analysis, clustering and run different
simulations to find the best scenario [21].

DCA is derived from random utility theory and specifies the probability that the
respondent chooses a particular alternative, expressed as a function of observed variables
that relate both to the alternative and to the respondent. In the general model, assume that
I respondents choose from the set of J mutually exclusive alternatives, where each
respondent receives some utility from each of the alternatives, Each respondent is expected
to behave rationally by choosing the alternative from the given choice task that maximizes
their utility, meaning that an individual i (i = 1, ...,1), would choose alternative j (j =
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1,...,J) if and only if the utility of that alternative U;;is greater than or equal to the utility
of all other alternatives, with utility given by [21]:

Uij = Vij + &, (1)

where ¢;; is a stochastic component and V;; is a deterministic component, that answers
to the goal of a choice model to identify the attributes that affect the utility individuals and
estimate their importance values. V;; is specified by a functional form, that is usually a
linear additive model [21]:

Vij = Zﬁ:lZfﬁlﬁiklxjkll i= 11"'111 ] = 11"'!]! (2)

where K is the number of attributes; L, is the number of levels of attribute k, By, is
respondent i’s utility with respect to level [ of attribute k (so called part-worth utility) and
X;; 1S binary variable that equals 1 if alternative j has attribute k at level [, otherwise it
equals 0. Accordingly, the probability that the alternative j will be chosen by an individual
i from a set of four mutually exclusive alternatives is given by [22]:

Vi
4
ijle
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3)

Markov Chain Monte Carlo Hierarchical Bayes (MCMCHB) was used to estimate the
model parameters (part-worths). This way, part-worth utilities are estimated per individual,
and not market as a whole, which makes it possible to calculate relative importance of
attributes on different groups of individuals as well. Relative importance scores are
calculated by taking the utility range for each attribute separately and then dividing it by
the sum of the utility ranges for all the attributes [22].

2.2. Attribute and Levels

The first step in DCA, and the most important one, is to determine the key attributes
that can influence the choice of the respondents. In our study, the object of research was a
subscription package for an online-market research platform, with its own panel of
respondents, designed for early-stage startups, so the attributes and their levels were chosen
based on the literature review, and on the interviews conducted with startup founders and
startup mentors, where they expressed their needs and expectations from market research
in general, as well as benefits that they see in early market research for a startup. The final
attributes and levels with brief descriptions are given in Table 1.
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Table 1: Attributes and levels in the DCA

Attribute Levels Description
Price 150 €, 300 €, 400 €, 500 € Price for an yearly subscription
package
Number of surveys 135 Number of surveys that can be run
in a year
Number of questions 10, 30, 50 Number of questions that can

posed in a survey

Confidence interval

90%, 95%

Confidence interval for the results
of the survey

Hours of consultations with an

Hours of consultations including

expert 0,2,4,6 help for creating the survey and
analyzing the results
How soon would they like to get
Days for getting the report 3,5, 7 the answers, since launching a

survey
*Only excel file with data
**+Distribution of answers per
question
***+Key correlations and
segmentations

No report — just raw data*,

Level of details in a report Basic**, Detailed***

To ensure that all the alternatives presented to the respondents are realistic, rule was
made that lowest level of price attribute (150 €) cannot be combined with highest level of
the attribute Number of surveys (5), as well as the highest level of the attribute Number of
questions per survey (50), since the cost of the panel in that case would be too high, and
no platform would give out that kind of option.

2.3. Experimental Design

Randomized block design was used to generate different sets of choice tasks, consisting
of alternatives combined from the different levels of the attributes in Table 1. A total of
10 different blocks of 8 tasks with 4 alternatives were created. Those alternatives
represented possible subscription packages for an online market research platform, with its
own survey creating tool and the panel of respondents, that would ensure that the user
creates the survey easily, gets it filled out by their desired target group, and in the end gets
the report. One example of the choice task can be seen in Error! Reference source not
found..

Figure 1: Example of a choice task

Price

Package A

Package B

Package C

Package D

150 €

300 €

500 €

400 €

Surveys 3 1 1 3
Questions 30 30 50 10
Accuracy 90% (standard) 90% (standard) 90% (standard) 95%
Quickness of results 5 workdays 5 workdays 7 workdays 3 workdays
Consultations Total 2 hours Don't exist Total 2 hours Total 4 hours
Report Basic* Basic* Detailed** Detailed**
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After each choice task respondents had the option to opt out if they would really use
that type of alternative or not. And with each choice they made, and each opting out, the
algorithm would give them a harder choice task, putting to conflict those attributes that it
found were most preferred by the respondent in the previous set, in order to truly define
what the most important attribute and level for the given respondent was.

2.4. Implementation

For creation and conducting of the survey online platform Conjontly was used [23]. It
has been shown that online surveys are more suitable for respondents, as well as for result
analysis, when using DCA methodology [22]. Since the main target group were
entrepreneurs, freelancers and product managers, the survey was shared through startup
newsletters, shared in entrepreneurial groups on social media, as well as through posts on
social media, but targeting entrepreneurs, product managers and UX designers. Also, to
incorporate future entrepreneurs survey was shared among students of managementand IT
who are in their last year of study, and who desire to start a business of their own.

In order to do more in-depth analysis, the questionnaire consisted of four parts: (1)
questions regarding demographic of the respondent, (2) questions regarding their current
knowledge and self-rating on market research methodologies, (3) questions regarding
optimal pricing for the online market research platform (using Van Westendorp
methodology) and (4) 8 choice tasks.

3. RESULTS
3.1. Sample characteristics

There were 187 valid answers in the survey. Out of them 34.8% of respondents declared
themselves as entrepreneurs, 33.7% as product managers/designers, 16.9% as UI/UX
designers, 7.9% as members of the research and development teams, 12.4% as researchers.
Additionally, 37.5% work in startups, scaleups and middle companies, 14.4% as
freelancers, and 52.9% were students at the time. It is interesting to note that 73% of all
the respondents work in the IT industry.

The self-assessment of the knowledge of market research was a good first indicator of
the respondents’ current usage and self-confidence when it comes to market research
methodologies. Only 19.8% respondents rated their knowledge of market research
techniques with grades 4 or 5, while the rest (80.2%) rated their knowledge 3 or below, on
a scale of 1 to 5. The result was a mean value of 2.8 with standard deviation of 0.9. When
asked for some of the more known methodologies, only 15.8% selected that they have
heard about Conjoint analysis, 7.7% for Van Westendorp Price Sensitivity Analysis, and
3.3% selected that they have heard about Monadic testing. Additionally, it can be noted
that the entrepreneurs are more likely to use secondary research, and qualitative methods,
rather than quantitative ones, which can be seen in Figure 2, where the percentage of
respondents that have heard about it (left pillar), and the percentage of respondents who
plan to use it in the future (right pillar) are shown.
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Figure 2: Self-assessment of market research methods

3.2. Aggregated preferences

McFadden’s pseudo-R? equals 59.3% which implies medium goodness of fit. The
utility parameters were estimated both for each respondent in the sample (individual
preferences), and for the total sample (aggregated preferences). The aggregated part-worth
utilities for each can be seen in Table 2, and the relative importance of the attributes in
Figure 3.

Although the price as an attribute has the highest relative importance, detailed level of
the report attribute has the highest relative part-worth utility, followed by the 150 € level
of the price. Additionally, the highest price (500 €) has the most negative relative part-
worth utility, followed closely by the lowest level of details (no report, just raw data). All
that accounts for why the price and the detailed report are the attributes with the highest
relative importance, combining for 53.1%.

Consultations have proven to be the third most important attribute, but it is interesting
that non-existence of the consultations is far more influential when making a decision,
ranked third by its negative relative part-worth utility across all levels of the attributes, than
the difference in number of hours, which can be seen especially in the close relative part-
worth utilities of the level 4 hours, and level 6 hours.



O. Nikoli¢ / Enterperneurs’ Preferences Towards Online Market Research Packages 237

Table 2: Averaged preferences of levels

Lower bound I Upper bound

Attribute Level Averaged preferences - -
of 90% confidence interval

150 € 0.132 0.12 0.143

Price 300 € 0.085 0.078 0.092
400 € -0.057 -0.065 -0.049
500 € -0.16 -0.17 -0.148
1 -0.083 -0.09 -0.076

Surveys 3 0.027 0.023 0.03
5 0.056 0.049 0.063
10 -0.031 -0.036 -0.026

Questions 30 0.009 0.004 0.015
50 0.021 0.015 0.027
Accuracy 90% (standard) -0.032 -0.036 -0.028
95% 0.032 0.028 0.036

. 3 workdays 0.003 0 0.006
QUerEEftSSS of 5 workdays 0.008 0.004 0.012
7 workdays -0.012 -0.016 -0.007
Don't exist -0.095 -0.099 -0.091

. Total 2 hours 0.019 0.013 0.026

Consultations

Total 4 hours 0.036 0.029 0.042

Total 6 hours 0.04 0.035 0.045
No report, just raw data -0.156 -0.165 -0.146

Report Basic 0.012 0.007 0.018
Detailed 0.143 0.132 0.154

. 0,
Report; 25.70% Price; 27.60%

Consultations; <
urveys;

14.60%
13.30%
Quickness of Questions;
results; 5.10% 7.80%

Figure 3: Relative aggregated preferences for attributes
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3.3. Marginal willingness to pay

One of the advantages of the DCA, combined with the price attribute is calculating the
marginal willingness to pay (MWTP) to get another level of an attribute, with all other
levels of other attributes staying on their existing level, which can also reflect the
importance of the level of the attribute [24]. For that, the baseline alternative is chosen,
which for this paper was the one combined of the lowest level of the attributes. MWTP can
be assessed by the respondent-level part-worth calculated by Hierarchical Bayes:

MWTPy, = —2— x ABy )
Aﬂi,price

where AP is a range in price levels, f; ,,ric. is the range in part-worth utilities attached
to the price attribute by respondent i, and AB;; is the range in utility attributable to attribute
k for the respondent i. After this is done for all levels of all attributes, MWTP can be then
determined as the median of the respondents’ willingness to pay for all attribute levels [24].
The result of the MWTP analysis is given in the Figure 4, where it can be seen that the
respondents would be ready to pay 313.63€ more to have the detailed report, which is
directly correlated to the relative part-worth utility of that level as well as the high relative
part-worth utility of the price of 300€. Also, the basic level of the report, 6 hours of
consultation and 5 surveys have a high MWTP price as well. Small difference in the
relative part-worth utility of the number of hours of consultation can also be seen in the

difference in MWTP for different levels of that attribute.

€99.88

€111.25

€137.27

€160.68
€31363

€400.00 -€300.00 -€200.00 -€100.00 €0.00 €100.00 €200.00 €300.00  €400.00

Marginal willingness to pay (relative to baseline)

Figure 4: Marginal Willingness to Pay for each level
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3.4. Simulations

Simulation 1

Interesting results come up when doing simulations on the Conjointly platform. In the
first simulation two products, that are leveled the same on all attributes except for the price,
where one is on the level of 150€, and the other one on 300€, and for the attribute report,
one is No report, while the other is on the Detailed report level, were set up. Simulation
showed that the preference share would go in favor of the more expensive product, with
the detailed reporting, winning 71.9% shares. In order for the 50/50 split to occur, the price
of the second product would have to go to exactly 479¢€.

Simulation 2

In simulation 2 three subscription packages were created, simulating the real possible
packages of a such online-market research platform. Their levels are given in Table 3.

Table 3: Subscription packages for Simulation 2

Package 1 Package 2 Package 3
Price 150 € 300 € 500 €
Surveys 3 5 5
Questions 10 10 30
Accuracy 90% 90% 95%
Quickness of results 5 workdays 5 workdays 5 workdays
Consultations 2 hours 2 hours 4 hours
Report Basic Detailed Detailed

The results of the simulations showed an almost equal distribution of preference shares
between these three packages. In that scenario package one would have 35.1%, package
two 34.4% and package 3 30.1% preference shares, which is quite interesting to see, since
the price of 500€ had the most negative part-worth utility on the aggregated set. This goes
to show that 30.1% respondents preferred this combination in the alternative more than the
lower price.

3.5. Segmentation

As for more in-depth analysis, the first thing was to look if there is a difference in
preference levels between different segments of the respondents. Analyzed segments were
male, female and entrepreneurs.

Male and female segments

Difference can be seen between male and female participants in the levels of main
attributes. There is a 2.9% difference in relative part-worth utility when it comes to
preferring the lowest level of the price attribute. Male respondents have shown stronger
preference toward that level with 14.9% relative part-worth utility, whereas female
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respondents have a lower preference with 12%. Regarding the second most preferred level
— detailed level of the attribute report, it is more preferred by female respondents with
15.6% of relative part-worth utility, and is less preferred by male respondents with 12.6%,
creating a difference of 3% between these two segments. Also, the same can be seen with
negative part-worth utility of the lowest level of that attribute, where it has -13.9%
importance for the male respondents, and -16.8% for the female respondents. This affects
the difference in the relative importance of the attributes, with the biggest difference of 5%
in preferring the attribute report (male respondents 22.8%, female 27.8%), following by a
difference of 2.6% for the surveys (male respondents 14.8%, female 12.2%) and 2.2% for
the price attribute (male respondents 28.9%, female 26.6%). All the data can be seen in
Table 4.

Table 4: Aggregated preferences for male and female segments

Attribute Male | Female Level Male | Female All
150 € 149% | 12.0% | 13.2%
Price 28.9% | 26.6% 300€ 7.8% 9.0% 8.5%
400 € -6.4% -5.2% -5.7%
500 € -16.2% | -15.8% | -16.0%
1 -9.2% -7.6% -8.3%
Surveys 148% | 12.2% 3 2.5% 2.7% 2.7%
5 6.6% 4.9% 5.6%
10 -3.7% -2.6% -3.1%
Questions 8.0% 7.7% 30 0.7% 1.1% 0.9%
50 3.0% 1.5% 2.1%
Accuracy 5.6% 6.0% 90% (standard) -3.0% -3.3% -3.2%
95% 3.0% 3.3% 3.2%
3 workdays 0.3% 0.4% 0.3%
Quickness of results | 5.5% 4.8% 5 workdays 0.6% 1.0% 0.8%
7 workdays -0.8% -1.4% -1.2%
Don't exist -9.2% -9.8% -9.5%
Consultations | 14.4% | 14.8% Total 2 hours 26% | 14% | 1.9%
Total 4 hours 3.3% 3.9% 3.6%
Total 6 hours 3.3% 4.5% 4.0%
No report, just raw data | -13.9% | -16.8% | -15.6%
Report 22.8% | 27.8% Basic* 1.3% 1.2% 1.2%
Detailed** 12.6% 15.6% 14.3%

Entrepreneur segment

Even though all the respondents fit into the category of entrepreneurs from the point of
innovating and creating new products for the market, the segment of people who are
actually working in the startups and creating startups of their own is quite important for
this study, so this segment is to be analyzed independently. The main difference for this
segment of respondents is seen in the price and report attributes. By far the most important
attribute for the entrepreneurs is the price, with 30.2% relative importance, 2.6% more than
when looking at all the respondents, and the report attribute falls from 25.7% to 22.6%,
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comparing to all respondents. The price of 150€ has the part-worth utility of 15.4%, while
the negative utility of lowest level of report is -13.5%, both differentiating more than 2%
from the general segment.

Table 5: Aggregated preferences for the Entrepreneur segment

Attribute Relative importance Level Entrepreneurs All

150 € 15.4% 13.2%

. 300 € 8.2% 8.5%
Price 30.2% 400€ 6.6% 5.1%
500 € -17.1% -16.0%

1 -8.6% -8.3%

Surveys 13.8% 3 2.5% 2.7%
5 6.1% 5.6%

10 -3.5% -3.1%

Questions 8.1% 30 0.9% 0.9%
50 2.6% 2.1%

Accuracy 5.6% 90% (standard) -3.0% -3.2%
95% 3.0% 3.2%

3 workdays 0.0% 0.3%

Quickness of results 5.5% 5 workdays 0.8% 0.8%
7 workdays -0.8% -1.2%

Don't exist -9.2% -9.5%

. Total 2 hours 2.6% 1.9%

Consultations 14.3%

Total 4 hours 3.3% 3.6%

Total 6 hours 3.4% 4.0%

No report, just raw data -13.5% -15.6%

Report 22.6% Basic* 0.4% 1.2%
Detailed** 13.1% 14.3%

This strongly affects the marginal willingness to pay, where entrepreneurs are willing
to pay 212.85€ for the detailed level of report, which is around 100€ less than the average
respondent. For basic level of the report, the difference amounts to 45€ less, and the big
difference can be seen with the highest level for consultations where the average
respondent would be willing to pay around 137€, the respondent from this segment would
only be willing to pay 101.38€. The difference for MWTP for the levels of consultations
is almost non-existent in this segment. For the level of 2 hours MWTP is 86.12€, for 4
hours is 97.25€, and as mentioned for 6 hours is 101.38€.

4. CONCLUSION

When looking at the data from the second set of questions regarding the respondents’
knowledge and self-assessment about market research techniques it isn’t somewhat
surprising to see that the quality of the report and the consultations of the experts are listed
high on their scale of importance. The thing that might be surprising is how little they “plan
to invest” in a series of studies throughout one year, putting the lower price on the highest
spot, with the negative part-worth utility for the prices over 400€, especially knowing that
the one of the biggest reasons for startup failure is misinterpretation of market needs. Still,
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it is interesting to see that in the conflict of lower price and higher expertise, lower price
wins by a small margin. The simulations showed that even so, the more expensive
alternative (300€) would have a much larger preference share than the one priced at 150€,
when the main difference is the level of details in the report. And when three packages are
created with different prices and offerings aligning with those prices, the preference share
would be almost equal, meaning that there are people on the market appraising higher
quality of market research tool and the value it brings than the price it costs.

On the other hand, the results show that they value conducting more smaller surveys,
than few bigger ones, rating the higher levels for number of surveys more important, far
more than higher levels for the number of questions, in a year. That may create a problem
for doing more in-depth analysis, and providing those highly detailed reports, when there
are fewer things to analyze.

The results of the research show that entrepreneurs do feel the need to do proper market
research, but lack knowledge to do it on their own, or finances to outsource it to an expert.
This paper suggests finding a market research business model optimized for businesses in
the beginning stages, with focus primarily on detailed reporting and analysis, and pricing
model adjusted to the financial possibilities of startups at the start, with a goal of helping
them find their market-fit, and raise their chances for success, developing a better startup
ecosystem, and by that the economy. Also, the paper suggests continuation of integrating
entrepreneurial education in the schools, and the government subsidized programs for
early-stage startups, with the added focus on market research. With the recent literature
review, results of the study, conclusions and suggestions presented, paper contributes to
the literature and provides new insights into the topic of entrepreneurs and market research.

The research itself has its limitations. Panel of respondents was limited to Serbia,
because of the easier access to respondents from the network and even then, collection of
responses took almost two months. In the future, it would be interesting to compare the
results with representatives of other countries, especially the ones where startup ecosystem
is better developed, with higher number of successful startups. The research was also
limited to the idea of an online market research tool promising valid representation and
valid answers from a given panel, which may be suspicious to those who haven’t come
across similar tools or prefer the pen and paper style of surveying. And lastly, the success
factor of respondents for their products, startups or mentorships hasn’t been taken into
consideration, which would have been interesting to explore and combine with their
preferences towards market research practices.

Still, at the end, the question stays open — given that founders usually don't have
investors at the beginning, but use their own money, would it be cheaper for them, or at
least do they perceive it as cheaper, to test their ideas through several different surveys
with the current prices and their knowledge of market research rather than spend months
in development before finding that the idea is not a market-fit.
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